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Objective: This study aims to explore how the self-assessed health (SAH) status of individuals 
with chronic diseases has changed during and after the COVID-19 pandemic, compared to 
their status before the pandemic.
Materials and Methods: This research utilized panel data, tracing the socio-demographic 
and health status indicators of individuals and applying a difference-in-difference model 
to determine whether individuals with chronic diseases reported a greater decrease in 
SAH status during the pandemic. Data were derived from the Turkish Statistical Institute’s 
Survey of Income and Living Conditions panel data spanning four waves from 2017 to 2020. 
The dependent variable of this study is SAH, while socio-demographic and health status 
indicators of individuals serve as independent variables.
Results: Statistically significant differences were observed between individuals with 
and without chronic diseases in terms of SAH status (p<0.001). Due to the negative and 
significant interaction parameter obtained from caliper matching (-0.09582; p<0.001), the 
decrease in SAH status among individuals with chronic diseases was pronounced during 
and following the pandemic.
Conclusion: The findings of this study indicate that the COVID-19 pandemic has led to a 
reduction in the SAH status of individuals with chronic diseases. These results provide 
insights for managers of chronic diseases to enhance the management of chronic conditions 
during pandemic times.
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ABSTRACT

INTRODUCTION
Self-assessed health (SAH), also known as self-rated health, is a measure that indicates risk 
factors and poor health outcomes in the general population.1,2 In public health, SAH serves as a 
widely utilized subjective assessment of an individual’s health status.3,4 A poor perceived health 
status is associated with an increased risk of poor health outcomes. Specifically, the pandemic 
has exacerbated self-rated health issues and widened health disparities, especially among the 
elderly, the isolated, and the deprived.5 Studies have found that COVID-19 infection and chronic 
disease are significantly associated with a poor self-rated health status.6 However, the impact 
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of the COVID-19 pandemic on the SAH status of individuals 
with chronic diseases remains uncertain. Self-reported health 
status has been strongly linked to chronic diseases. The 
relationship between self-rated health and long-term health 
conditions, such as diabetes, is not well understood, with only 
a few studies assessing the self-rated health of individuals 
with diabetes in population samples.7 The burden of chronic 
diseases is particularly high in developing countries, including 
Türkiye. Since 2003, under the Health Transformation Program, 
Türkiye has enacted health reforms based on primary 
healthcare services and an efficient, graduated referral 
system to establish a comprehensive and easily accessible 
healthcare system.8,9 Noncommunicable Diseases (NCDs), 
such as cancer, cardiovascular diseases, diabetes, and chronic 
respiratory diseases, pose a major challenge for public health 
and development in Türkiye. In 2015, the country’s death rate 
due to NCDs was 87.5%, and a person living in Türkiye faced 
an increased risk of premature death (16.8%) from one of the 
four major NCDs.10

Self-rated health has become one of the most commonly 
used health measures in social science research, thanks to 
the increasing use of nationwide population surveys that 
collect socioeconomic, demographic, and health data.11 
However, there is limited knowledge about the impact of 
chronic diseases on SAH status. It is noted that the prevalence 
of chronic diseases is lower among young adults. Chronic 
diseases can significantly impact the health-related quality 
of life and self-rated health status of adults and middle-aged 
individuals.12 However, it is less clear how chronic diseases 
affect these aspects of health across different age groups. 
The literature indicates that multimorbidity is consistently 
associated with a decrease in health-related quality of life and 
self-rated health across all age groups.13

There is an awareness that individuals with chronic diseases 
have a low perception of SAH during the pandemic, yet this 
issue has not been extensively explored. This study aims 
to address this gap by examining the SAH of individuals 
with chronic diseases during the COVID-19 pandemic. 
Chronic diseases are closely linked to changes in health 
behaviors, and understanding SAH is crucial for uncovering 
the developmental origins of health and disease and 
combating chronic conditions. The objective of this study 
is to assess the impact of chronic disease on SAH status by 
comparing the average change in SAH status during the 
COVID-19 pandemic for individuals with chronic diseases 
against those without chronic diseases. The findings of this 
study will offer valuable insights for health policymakers 
to better understand the extent to which individuals with 
chronic diseases experience a greater decline in SAH during 
pandemic times.

MATERIALS AND METHODS
Subjects and Study Data
This study utilized the Survey of Income and Living Conditions 
(SILC) as one of its primary data sources. We employed micro-
data provided by TurkStat, named SILC datasets, which cover 
the period between 2017 and 2020.14 Each year, a nationally 
representative panel dataset and a cross-sectional dataset are 
generated from this survey. The SILC dataset encompasses a 
total of 122,947 households, providing detailed information 
on the income sources of individuals and households. The 
SILC question “What is the status of your health?” serves as 
the subjective measure. These responses are based on a Likert 
scale, where 1=very bad, 2=bad, 3=fair, 4=good, and 5=very 
good. SAH is a popular assessment method in health surveys 
and is widely used in this area. It is an excellent instrument 
with remarkable properties for better understanding the 
general well-being of the population. The SILC question asks, 
“Is there a limitation in the individual’s daily activities due to 
any physical or mental health problem that has persisted for at 
least 6 months?” with options for Yes/No answers.

The Type of the Study
Data on Turkish household income and living conditions were 
systematically collected using a panel dataset by the Turkish 
Statistical Institute (TurkStat) over a given time period. This 
data provides information about income, poverty and social 
inclusion of individuals. 

Ethical Statements and Data Availability
The panel dataset used in this study was generated by following 
the official procedures emphasized by TurkStat, adhering to 
established protocols and ethical principles. Given that our 
research involved a secondary analysis of an existing survey 
panel dataset, ethical approval was not required. The data is 
available upon request and with the permission of TurkStat. 

Study Question and Hypothesis
In light of the study’s objective, the research question of this 
study is: “Does the COVID-19 pandemic reduce the SAH status 
of individuals with chronic diseases?”

Hypothesis: Individuals with chronic diseases will report a 
decrease in SAH status during the COVID-19 pandemic.

In this study, we test the hypothesis that the COVID-19 
pandemic has reduced individuals’ SAH status using a 
difference-in-difference model.

Statistical Analysis
In this study, Propensity Score Matching (PSM) was employed 
due to significant socio-demographic and health status 
indicators observed between the unmatched treatment 



78

Cinaroglu S. Self-Assessed Health Status of Individuals J Clin Pract Res 2024; 46 (1) 76–83

and control groups. Furthermore, the efficacy of PSM largely 
depended on the characteristics of the dataset. It was 
anticipated that matching using PSM might be influenced 
by factors such as small sample size and imbalance in 
the propensity score distributions.15 To match the socio-
demographic status of individuals effectively, a nationwide 
panel dataset proved to be useful.16 Additionally, this study 
utilized difference-in-difference regression analysis to explore 
the effect of COVID-19 on the self-rated health status of 
individuals.

Propensity Score Matching

In this study, regression-based models with propensity score 
matching were used to estimate the robustness of the basic 
results. Propensity score matching allows for the evaluation of 
the impact of treatment on treated individuals.15 The choice of 
the optimal matching strategy is contingent upon the unique 
characteristics of the dataset and the objectives of the analysis. 
Provided that the treatment outcome has not been estimated 
prior to the selection of a strategy, other approaches can 
be explored.17,18 Nearest-neighbor 1-to-1 matching without 
replacement is one of the widely used matching methods. 
This method identifies the closest propensity score match 
between each treated unit and a non-treated unit.18 Caliper 
matching serves as an alternative approach, envisioned 
creating a boundary around each unit that limits which other 
units can be paired with it. The propensity score or other 
factors are used as the basis for setting these calipers.19 When 
determining the typical treatment effect on the treated, the 
propensity scores are integrated with both nearest neighbor 
matching (1-to-1 matching with replacement) and caliper 
matching approaches.17 Literature suggests that researchers 
should use a caliper width of 0.20 of the logit of the propensity 
score for matching.20 Consequently, in our study, we set 0.20 
as the width parameter for Caliper matching. To assess the 
independence of continuous and categorical covariates 
between the treatment and control groups, independent 
sample t-tests and chi-square tests were utilized in this 
investigation,21,22 respectively. 

Difference-in-Difference Regression

When randomized control trials are not feasible, the difference-
in-difference design offers a quasi-experimental approach 
that can be used to investigate causal relationships in public 
health research.23 To determine the average treatment effect 
on the treated group in this study, we utilize propensity scores 
alongside nearest neighbor matching (1-to-1 and caliper 
matching procedures) without replacement. In this case, we 
analyze an ordinal dependent variable using a difference-in-
differences (DiD) approach. Specifically, we compare the SAH 
status of individuals with chronic diseases, referred to as the 

treatment group, against those without chronic diseases, 
referred to as the control group. Consistent with existing 
literature,16 this study assumes that SAH status is a cardinal 
outcome metric, and the Average Treatment effect on the 
Treated (ATT) is calculated using equation (1). We aim to 
estimate three coefficients through DiD regression based on 
the logit model as follows:

Table 1. Descriptive statistics for the years 2017–2020

			   n	 %

Socio-demographic indicators

	 Continuous variables

		  Age, Mean, SD	 38.17	 13.78

	 Categorical variables

		  Gender

		  Male 	 60,25	 49

		  Female	 62,69	 51

	 Marital status

		  Married 	 83,45	 67.9

		  Not-married	 39,49	 32.1

	 Education

		  Illiterate	 8,33	 6.8

		  Literate or graduated 	 114,61	 93.2

	 Labor

		  Working full-time	 58,53	 47.6

		  Not working full-time 	 64,40	 52.4

Health status

	 Categorical variables

	 General health status

		  Very good	 9,94	 8.1

		  Good	 79,24	 64.5

		  Fair	 24,99	 20.3

		  Bad	 7,84	 6.4

		  Very bad 	 0,93	 0.8

	 Suffering from any chronic illness or condition

		  Yes	 36,57	 29.8

		  No 	 86,36	 70.2

	 Limitation in daily activities at least 6 months

		  Yes	 25,57	 20.8

		  No	 97,37	 79.2

	 Total 	 122,94	 100

SD: Standard deviation.
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Y=β0+β1 * Treatment+β2 * Post+β3 * Treatment * Post+ε� (1)

In equation (1), Y represents the outcome variable, which 
is the SAH status. The Treatment variable is a dummy 
indicating the treatment group, i.e., individuals with a 
chronic disease or illness (=1), and the control group, i.e., 
individuals without a chronic disease or illness (=0). Post is 
a dummy variable indicating pre-COVID-19 times (2017 and 
2018) (=0) and post-COVID-19 times (=1). Treatment * Post 
is a dummy variable indicating whether the outcome (SAH 
status) was observed in the treatment group (individuals 
with chronic diseases) after the intervention (=1), or in any 
other case (=0). 

RESULTS
Basic Statistics

Table 1 presents the descriptive statistics derived from the 
Turkish Statistical Institute’s SILC panel dataset for the years 
2017, 2018, 2019, and 2020, focusing on the population 
aged between 15–64 years.24 The analysis reveals that 67.9% 
of individuals within this age group are married, and 93.2% 
are literate or have attained primary education or higher. 
Additionally, 52.4% are not employed full-time. The average 
age is 38.17 (±13.78) years. Regarding health assessments, 
64.5% of individuals rate their health as “good,” 70.2% report 
no suffering from chronic illnesses or conditions such as 

Table 2. Effect of COVID-19 on SAH status of individuals (individuals with and without chronic diseases): PSM-DiD results

PSM-DiD performance	 Beta	 1:1 NN matching	 Caliper matching	 Caliper matching 

indicators	 coefficients	 without replacement	 (δ=0.20)	 (δ=0.40)

Treated 	 β1	 -0.81544*** (0.01588)	 0.18715*** (0.02736)	 0.18649*** (0.02732)

Time	 β2	 0.01546* (0.00651)	 0.11420*** (0.01121)	 0.12276*** (2.2e-16)

Treated * Time	 β3	 -0.03906*** (0.00915)	 -0.09582*** (0.01614)	 -0.09342*** (6.14e-09)

Multiple R-squared		  0.3645	 0.00601	 0.006927

Adjusted R-squared		  0.3645	 0.00587	 0.006791

F-statistic		  1.3980	 42.54	 50.97

P-value		  2.2e-16***	 2.2e-16***	 2.2e-16***

*: P<0.05; **: P<0.01; ***: P<0.001. The values in parentheses indicate the standard errors.

Figure 1. Standardized mean differences.

Distance

(a) (b)

Distance

1:1 NN matching Caliper (δ=0.20)

Limit dailact Limit dailact

Health status Health status

Age Age

Marital Marital

Gender

All All
Matched Matched

Gender

Labour Labour

Education

0.0 0.00.5 0.51.0 1.02.0 2.01.5 1.5

Education
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diabetes, hypertension, asthma, kidney failure, or rheumatic 
diseases. Moreover, 79.2% have not experienced limitations 
in daily activities for at least 6 months due to physical or 
physiological health problems.

Covariate Balancing: Differences Before and After Matching
The balance before and after matching is detailed in Appendix 
1. Matching diagnostic tests indicate that socio-demographic 
and health status markers significantly discriminate between 
the unmatched treatment and control groups. In this study, 
1-to-1 nearest neighbor matching and Caliper matching were 
applied, using caliper widths of 0.20 and 0.40, respectively. The 
current research emphasizes the importance of employing a 
caliper width of 0.20 when matching on the propensity score 
logit.20 Balance diagnostics employed the Chi-square test (χ2) 
for categorical variables and the independent sample t-test for 
continuous variables related to age. The results in Appendix 1 
demonstrate that Caliper matching, with a width parameter 
of 0.20, more effectively balances the treatment and control 
groups across socio-demographic indicators such as gender 
(χ2=0.172; p>0.05), marital status (χ2=5.719; p>0.05), education 
(χ2=1.406; p>0.05), and labor (χ2=1.713; p>0.05).

Standardized Mean Differences
Standardized mean differences obtained from three matching 
methods are presented in Figure 1a, b. The standardized 
difference in means, calculated as the difference between 
the means of the covariates divided by the (unweighted) 
standard deviation, is a popular method for demonstrating 
group similarity.25 According to widely accepted theory in 
the literature on propensity scores, a standardized difference 
in means greater than 0.10 or 0.20 indicates a significant 
difference across groups, making standard regression 
adjustment for that covariate potentially incorrect.25 In our 
case, standardized mean differences obtained from 1-to-1 
nearest neighbor (NN) matching and Caliper matching (δ=0.20) 
included covariates and indicate improvements toward 0.0 (no 
difference) after Caliper matching (δ=0.20) (Fig. 1 b).

Difference-in-Difference Results
Table 2 shows the effects of the COVID-19 pandemic on the 
SAH status of individuals by incorporating PSM and DiD results. 
The coefficient β3 (difference-in-difference) is significant 
and different from zero. This key parameter, β3, is of primary 
interest in our estimation. It shows how much the average 
SAH status of individuals with a chronic disease has changed 
in the period after the COVID-19 pandemic, in contrast to the 
outcome for the same group without the COVID-19 pandemic 
period. In other words, β3 represents the difference between 
the counterfactual scenario and the average SAH status of 
individuals with a chronic disease in the period following the 
COVID-19 pandemic. We presented DiD results obtained from 

Caliper matching (δ=0.20) due to good covariate balancing 
results. Owing to the strong and unfavorable interaction 
discovered during Caliper matching (δ=0.20) (β3= -0.09582; 
p<0.001), the decrease in SAH status is high in individuals with 
chronic diseases. Therefore, it is evident that the COVID-19 
pandemic times have reduced individuals’ SAH status, and the 
study hypothesis is accepted.

DISCUSSION
The main findings of our study highlight that individuals 
with chronic diseases reported a greater decrease in SAH 
during the COVID-19 pandemic. These insights enable public 
health policymakers to develop strategies for chronic disease 
management that consider individuals’ physiological well-
being alongside SAH. This research provides policymakers 
with valuable insights for navigating the challenges posed by 
COVID-19 and can inspire ongoing analysis of chronic disease 
trends and subjective health assessments.

Our findings, when interpreted in the context of existing 
knowledge, reveal a strong association between SAH and 
chronic diseases. Moreover, the COVID-19 pandemic has 
significantly impacted various aspects of life. Literature 
indicates that the burden of chronic diseases, such as increased 
rates of cardiovascular disease, is negatively correlated with 
SAH.2,3 Our study’s conclusions align with the existing body 
of knowledge on self-rated health and the chronic morbidity 
of individuals in Türkiye. Self-perceived health was examined 
in developed European nations and Türkiye, focusing on the 
impact of socioeconomic factors on individuals’ SAH status. 
The findings provide insights for policymakers to develop 
strategies for chronic disease management that consider 
people’s physiological well-being and SAH. The supportive 
findings of this study indicate that between 70–75% of the 
population aged 16 years or older reported very good or good 
self-rated health, while the prevalence of chronic diseases 
averaged around 30–35%. Additionally, socioeconomic factors 
in the EU-28 and Türkiye have a significant impact on self-rated 
health status. Many factors contribute to poor health status 
reporting, including income, education, gender, employment 
status, marital status, and age groups.26

The study found that individuals with good self-rated health 
before the pandemic reported no change in their self-rated 
health during the pandemic, while those with previously poor 
self-rated health reported improvements.27 Furthermore, 
the findings underscore the negative relationship between 
chronic diseases and SAH during the pandemic. Covariates 
affecting health and chronic diseases, such as age, 
employment, and income, are associated with SAH status.3 
SAH is strongly linked to special types of chronic diseases, 
such as cardiovascular illnesses.28
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In the EU-28 and Türkiye, one in three people reported having one 
or more chronic conditions.26 Hypertension and cardiovascular 
risk factors are closely related and are important predictors of 
severity and mortality in COVID-19.29 A decline in SAH during 
the COVID-19 pandemic was observed among individuals with 
chronic conditions, including diabetes, hypertension, asthma, 
and kidney failure. The COVID-19 pandemic has influenced the 
health behaviors of adults, with a high proportion of individuals 
with diabetes perceiving a higher risk of COVID-19 infection 
and subsequently increasing their smoking and drinking 
habits during these times.29 Therefore, it is essential to bolster 
population-based efforts aimed at enhancing prevention, early 
diagnosis, and treatment of chronic diseases.

Emerging evidence indicates that the COVID-19 pandemic has 
posed threats not only to the physical health of individuals but 
also to the mental well-being of communities.27 It has become 
apparent that perceived vulnerability to COVID-19 among 
adults plays a mediating role. Women, older adults, and those 
with lower subjective health evaluations are more likely to 
experience emotional reactions to the epidemic.29 Therefore, it 
is crucial to consider the complex interactions between mental 
health issues, such as depressive symptoms, and chronic 
diseases, and how these affect seniors’ perceptions of their 
health status and their use of healthcare services.27, 29 Particular 
attention should be paid to how SAH influences depressive 
symptoms in the years following retirement, as well as the 
relationship between depressive symptoms and SAH in older 
individuals. Further studies are necessary to understand the 
burden of chronic diseases and related covariates on SAH by 
comparing observations before and after the implementation 
of health policies or interventions.

In this study, a combination of matching analysis and 
difference-in-difference is utilized to determine whether 
individuals with chronic diseases report a decrease in SAH 
status during the COVID-19 pandemic. The matching process 
creates balanced groups with and without chronic diseases 
in terms of socio-demographic and health status variables. 
After conducting matching diagnostics on covariates, we used 
the matched samples to generate difference-in-difference 
models. Existing knowledge underscores the trends in 
SAH and chronic illnesses among adults in Türkiye.26 To our 
knowledge, this study is the first to employ a multi-stage 
analysis and to use SAH as a primary outcome indicator in a 
difference-in-difference model to explore the time-differing 
effects of the COVID-19 pandemic on individuals with chronic 
diseases. Considering changes in population dynamics, such 
as the increase in the elderly population, is essential for 
exploring the complex interrelationships between SAH and 
chronic conditions. One limitation of this study is that the 
parallel trends assumption was not tested during the DiD 

procedure. In our case, we applied matching for covariates 
before conducting the DiD analysis, which, as an alternative 
to statistically controlling for non-parallel trends, makes the 
estimated treatment effect more credible.30 Further studies are 
planned to examine the parallel trends assumption.

The findings of this study provide valuable insights for 
behavioral health practitioners to understand how the self-
rated health status of individuals with chronic diseases changes 
during pandemics. Health services researchers need further 
insight into preparedness for health crises. This study can 
inspire continuing examination of trends in chronic diseases 
and subjective health assessments. Community-based self-
care programs are essential for managing chronic diseases, 
improving behavioral health, and preventing complications.

CONCLUSION
In summary, the findings of this study reveal a decline in the 
SAH status of individuals with chronic diseases in the period 
following the COVID-19 pandemic. Clinical health policymakers 
are urged to consider the subjective well-being of individuals 
and to develop community-based self-care programs to 
combat chronic diseases and their complications. These 
findings can serve as a catalyst for the ongoing monitoring 
of emerging chronic disease trends and the subjective health 
status of individuals, which merit further investigation in the 
context of pandemic times.

Conflict of Interest: The author have no conflict of interest to declare.

Use of AI for Writing Assistance: Not declared.

Financial Disclosure: The author declared that this study has 
received no financial support.

Peer-review: Externally peer-reviewed.

REFERENCES
1.	 Li Q, Legault V, Girard VD, Ferrucci L, Fried LP, Cohen AA. 

An objective metric of individual health and aging for 
population surveys. Popul Health Metr 2022; 20(1): 11.

2.	 Newsom JT, McQueen A, Rook KS, Krause N, Denning EC. 
A change for the worse: negative social exchanges are 
associated with an accelerated decline in self-rated health 
over time. J Aging Health 2022; 34(6-8): 984–95. [CrossRef ]

3.	 O’Dwyer MC, Meixner K, Albiac LC, El Khoury C, Capizzano 
JN, Ramakrishnan M, et al. Health-related quality of life 
for people with acute and chronic illnesses during the 
COVID-19 pandemic. J Am Board Fam Med 2021; 34(3): 
509–21. [CrossRef ]

4.	 Lee M, Park S, Lee KS. Relationship between morbidity 
and health behavior in chronic diseases. J Clin Med 2020; 
9(1):1–11. [CrossRef ]

https://doi.org/10.1186/s12963-022-00289-0
https://doi.org/10.1177/08982643221083407
https://doi.org/10.3122/jabfm.2021.03.200593
https://doi.org/10.3390/jcm9010121


82

Cinaroglu S. Self-Assessed Health Status of Individuals J Clin Pract Res 2024; 46 (1) 76–83

5.	 Lüdecke D, von dem Knesebeck O. Worsened self-rated 
health in the course of the COVID-19 pandemic among 
older adults in Europe. Eur J Public Health 2023; 33(6): 
1148–54. [CrossRef ]

6.	 Laires PA, Dias S, Gama A, Moniz M, Pedro AR, Soares P, et 
al. The association between chronic disease and serious 
COVID-19 outcomes and its influence on risk perception: 
survey study and database analysis. JMIR Public Health 
Surveill 2021; 7(1): e22794. [CrossRef ]

7.	 Batal M, Chan HM, Fediuk K, Ing A, Berti P, Sadik T, et al. 
Associations of health status and diabetes among First 
Nations Peoples living on-reserve in Canada. Can J Public 
Health 2021; 112(1): 154–67. [CrossRef ]

8.	 Akdag, R. Health transformation program in Turkey 
progress report. Ankara, The Ministry of Health of 
Turkey. 2009. Available from: URL: https://ekutuphane.
saglik.gov.tr/Ekutuphane/kitaplar/TurkeySPDEng.pdf. 
Accessed Apr 1, 2023.

9.	 Johansen A, Guisset AL. Successful health systems 
reforms: the case of Turkey. World Health Organization 
Europe, Copenhagen WHO Regional Office for Europe. 
2012. Available from: URL: https://disab.saglik.gov.tr/
Eklenti/2106/0/successful-health-system-reforms-the-
case-of-turkeypdf.pdf. Accessed Feb 1, 2023.

10.	 World Health Organization (WHO). Prevention and 
control of noncommunicable diseases in Turkey. The 
case for investment. WHO. WHO Regional Office for 
Europe. 2018. Available from: URL: https://apps.who.int/
iris/bitstream/handle/10665/345584/WHO-EURO-2018-
3291-43050-60248-eng.pdf?sequence=1&isAllowed=y. 
Accessed May 16, 2023.

11.	 Baidin V, Gerry CJ, Kaneva M. How self-rated is self-rated 
health? exploring the role of individual and institutional 
factors in reporting heterogeneity in Russia. Soc Indic 
Res 2021; 155: 675–96. [CrossRef ]

12.	 Maresova P, Javanmardi E, Barakovic S, Barakovic Husic 
J, Tomsone S, Krejcar O, et al. Consequences of chronic 
diseases and other limitations associated with old age 
– a scoping review. BMC Public Health 2019; 19(1431): 
1–17. [CrossRef ]

13.	 Gyasi RM, Phillips DR. Gender, self-rated health and 
functional decline among community-dwelling older 
adults. Arch Gerontol Geriatr 2018; 77: 174–83. [CrossRef ]

14.	 Turkish Statistical Institute (TurkStat) Income and Living 
Conditions Survey. Available from: URL: https://data.
tuik.gov.tr/Bulten/Index?p=Gelir-ve-Yasam-Kosullari-
Arastirmasi-2020-37404. Accessed Feb 1, 2023.

15.	 Wilkinson JD, Mamas MA, Kontopantelis E. Logistic 
regression frequently outperformed propensity score 
methods, especially for large datasets: a simulation 
study. J Clin Epidemiol 2022; 152: 176–84. [CrossRef ]

16.	 Böckerman P, Ilmakunnas P. Unemployment and self-
assessed health. Health Econ 2009; 18(2): 161–79. [CrossRef ]

17.	 Austin PC. A critical appraisal of propensity-score matching 
in the medical literature between 1960 and 2003. Stat Med 
2008; 27(12): 2037–49. [CrossRef ]

18.	 Austin PC. The performance of different propensity score 
methods for estimating marginal hazard ratios. Stat Med 
2013; 32(16): 2837–49. [CrossRef ]

19.	 Rosenbaum PR, Rubin DB. Constructing a control group 
using multivariate matched sampling methods that 
incorporate the propensity score. Am Stat 1985; 39(1): 33–8. 

20.	 Austin PC. Optimal caliper widths for propensity-score 
matching when estimating differences in means and 
differences in proportions in observational studies. Pharm 
Stat 2011; 10(2): 150–61. [CrossRef ]

21.	 Zhang Z, Kim HJ, Lonjon G, Zhu Y. Balance diagnostics after 
propensity score matching. Ann Transl Med 2019; 7(1): 1–11. 

22.	 Heinze H, Jüni P. An overview of the objectives of and the 
approaches to propensity score analyses. Eur Heart J 2011; 
32(14): 1704–8. [CrossRef ]

23.	 Hole AR. Ratcliffe A. Difference-in-differences with an 
ordinal dependent variable: assessing the impact of the 
London bombings on the safety perceptions of Muslims. 
Working Paper. Sheffield Economic Research Paper Series, 
2021005 (2021005). Department of Economics, University 
of Sheffield ISSN 1749-8368. 2021. Available from: URL: 
https://eprints.whiterose.ac.uk/179790/1/paper_2021005.
pdf. Accessed May 16, 2023.

24.	 Turkish Statistical Institute (TurkStat). Income and Living 
Conditions Panel Dataset 2017-2018-2019-2020. Available 
from: URL: https://www.tuik.gov.tr/. Accessed Jan 6, 2023.

25.	 Stuart EA. Matching methods for causal inference: a review 
and a look forward. Stat Sci 2010; 25(1): 1–21. [CrossRef ]

26.	 Aydın K. Self-rated health and chronic morbidity in the EU-
28 and Turkey. J Public Health 2022; 30: 553–65. [CrossRef ]

27.	 van de Weijer MP, de Vries LP, Pelt DHM, Ligthart L, Willemsen 
G, Boomsma DI, et al. Self-rated health when population 
health is challenged by the COVID-19 pandemic; a 
longitudinal study. Soc Sci Med 2022; 306: 1–9. [CrossRef ]

28.	 Osibogun O, Ogunmoroti O, Spatz ES, Burke GL, Michos 
ED. Is self-rated health associated with ideal cardiovascular 
health? The Multi-Ethnic Study of Atherosclerosis. Clin 
Cardiol 2018; 41(9): 1154–63. [CrossRef ]

29.	 Yan AF, Sun X, Zheng J, Mi B, Zuo H, Ruan G, et al. Perceived 
risk, behavior changes and health related outcomes during 
covid-19 pandemic: findings among adults with and without 
diabetes in China. Diabetes Res Clin Pract 2020; 167: 1–9.

30.	 Ryan AM, Kontopantelis E, Linden A, Burgess JF Jr. Now 
trending: Coping with non-parallel trends in difference-in-
differences analysis. Stat Methods Med Res 2019; 28(12): 
3697–711. [CrossRef ]

https://doi.org/10.1093/eurpub/ckad143
https://doi.org/10.2196/22794
https://doi.org/10.17269/s41997-021-00488-6
https://doi.org/10.1007/s11205-020-02604-4
https://doi.org/10.1186/s12889-019-7762-5
https://doi.org/10.1016/j.archger.2018.05.010
https://doi.org/10.1016/j.jclinepi.2022.09.009
https://doi.org/10.1002/hec.1361
https://doi.org/10.1002/sim.3150
https://doi.org/10.1002/sim.5705
https://doi.org/10.1080/00031305.1985.10479383
https://doi.org/10.1002/pst.433
https://doi.org/10.21037/atm.2018.12.10
https://doi.org/10.1093/eurheartj/ehr031
https://doi.org/10.1214/09-STS313
https://doi.org/10.1007/s10389-020-01328-6
https://doi.org/10.1016/j.socscimed.2022.115156
https://doi.org/10.1002/clc.22995
https://doi.org/10.1016/j.diabres.2020.108350
https://doi.org/10.1177/0962280218814570


83

J Clin Pract Res 2024; 46 (1) 76–83 Cinaroglu S. Self-Assessed Health Status of Individuals
A

pp
en

di
x 

1.
 S

am
pl

e 
si

ze
 a

nd
 s

en
si

tiv
ity

 a
na

ly
si

s 
fo

r d
iff

er
en

t m
at

ch
in

g 
m

od
el

s

Va
ri

ab
le

s			



1:

1 
N

N
 m

at
ch

in
g 

w
it

ho
ut

 re
pl

ac
em

en
t						








Ca

lip
er

 m
at

ch
in

g 
(δ

=0
.2

0)
						








Ca

lip
er

 m
at

ch
in

g 
(δ

=0
.4

0)

G
en

de
r: 

	
M

at
ch

in
g	

C/
T	

n	
%

	
χ2 	

p	
M

at
ch

in
g	

C/
T	

n	
%

	
χ2 	

p	
M

at
ch

in
g	

C/
T	

n	
%

	
χ2 	

p 

M
al

e	
st

at
us

						








st
at

us
						








st

at
us

	
Be

fo
re

	
C 

	
44

,9
60

	
74

.6
	

10
78

	
<0

.0
01

	
Be

fo
re

	
C	

44
,9

60
	

74
.6

	
10

78
	

<0
.0

01
	

Be
fo

re
	

C	
44

,9
60

	
74

.6
	

10
78

	
<0

.0
01

 

	
m

at
ch

in
g	

T 
	

15
,2

94
	

25
.4

			



m

at
ch

in
g	

T	
15

,2
94

	
25

.4
			




M
at

ch
in

g	
T	

15
,2

94
	

25
.4

	
Af

te
r	

C 
	

16
,6

05
	

52
.1

	
95

.5
3	

<0
.0

01
	

Af
te

r	
C	

4,
86

7	
50

.2
	

0.
17

2	
0.

67
9	

Af
te

r	
C	

5,
11

3	
51

.3
	

12
.5

30
	

<0
.0

01
 

	
m

at
ch

in
g	

T	
15

,2
94

	
47

.9
			




m
at

ch
in

g	
T	

4,
83

7	
49

.8
			




m
at

ch
in

g	
T	

4,
85

2	
48

.7

M
ar

ita
l	

M
at

ch
in

g	
C/

T	
n	

%
	

χ2 	
p	

M
at

ch
in

g	
C/

T	
n	

%
	

χ2 	
p	

M
at

ch
in

g	
C/

T	
n	

%
	

χ2 	
p

st
at

us
:	

st
at

us
						








st

at
us

						








st
at

us

Be
in

g	
Be

fo
re

	
C 

	
55

,0
66

	
66

	
22

64
	

<0
.0

01
	

Be
fo

re
	

C	
55

,0
66

	
66

	
22

64
	

<0
.0

01
	

Be
fo

re
	

C	
55

,0
66

	
66

	
22

64
	

<0
.0

01
 

m
ar

rie
d	

m
at

ch
in

g	
T 

	
28

,3
91

	
34

			



m

at
ch

in
g	

T	
28

,3
91

	
34

			



m

at
ch

in
g	

T	
28

,3
91

	
34

	
Af

te
r	

C 
	

31
,3

46
	

52
.5

	
79

6.
89

	
<0

.0
01

	
Af

te
r	

C	
8,

41
8	

50
.4

	
5.

71
9	

0.
05

6	
Af

te
r	

C	
8,

70
8	

50
.4

	
4.

41
0	

0.
03

6 

	
m

at
ch

in
g	

T 
	

28
,3

91
	

47
.5

			



m

at
ch

in
g	

T	
8,

27
7	

49
.6

			



m

at
ch

in
g	

T	
8,

58
1	

49
.6

Lo
w

	
M

at
ch

in
g	

C	
n	

%
	

χ2 	
p	

M
at

ch
in

g	
C/

T	
T	

%
	

χ2 	
p	

M
at

ch
in

g	
C/

T	
n	

%
	

χ2 	
p

ed
uc

at
io

n:
	

st
at

us
						








st

at
us

						








st
at

us

Ill
ite

ra
te

	
Be

fo
re

	
C	

3,
28

8	
39

.5
	

40
49

	
<0

.0
01

	
Be

fo
re

	
C	

3,
28

8	
39

.5
	

40
49

	
<0

.0
01

	
Be

fo
re

	
C	

3,
28

8	
39

.5
	

40
49

	
<0

.0
01

	
m

at
ch

in
g	

T	
5,

04
2	

60
.5

			



m

at
ch

in
g	

T	
5,

04
2	

60
.5

			



m

at
ch

in
g	

T	
5,

04
2	

60
.5

	
Af

te
r	

C 
	

1,
94

4	
27

.8
	

15
18

.8
7	

<0
.0

01
	

Af
te

r	
C	

68
3	

48
.5

	
1.

40
6	

0.
23

6	
Af

te
r	

C	
10

,2
31

	
50

.1
	

0.
82

7	
0.

36
3

	
m

at
ch

in
g	

T 
	

5,
04

2	
72

.2
			




m
at

ch
in

g	
T	

72
6	

51
.5

			



m

at
ch

in
g	

T	
10

,1
97

	
49

.9

Fu
ll	

M
at

ch
in

g	
C/

T	
n	

%
	

χ2 	
p	

M
at

ch
in

g	
C/

T	
T	

%
	

χ2 	
p	

M
at

ch
in

g	
C/

T	
n	

%
	

χ2 	
p

tim
e	

st
at

us
						








st

at
us

						








st
at

us

w
or

ki
ng

	
Be

fo
re

	
C	

44
,3

72
	

24
.2

	
16

46
	

<0
.0

01
	

Be
fo

re
	

C	
44

,3
72

	
24

.2
	

16
46

	
<0

.0
01

	
Be

fo
re

	
C	

44
,3

72
	

24
.2

	
16

46
	

<0
.0

01

	
m

at
ch

in
g	

T 
	

14
,1

67
	

75
.8

			



m

at
ch

in
g	

T	
14

,1
67

	
75

.8
			




m
at

ch
in

g	
T	

14
,1

67
	

75
.8

	
Af

te
r	

C	
19

,3
53

	
57

.7
	

14
80

	
<0

.0
01

	
Af

te
r	

C	
5,

16
9	

50
.5

	
1.

71
3	

0.
19

1	
Af

te
r	

C	
5,

39
9	

50
.7

	
3.

62
9	

0.
05

7

	
m

at
ch

in
g	

T	
14

,1
67

	
42

.3
			




m
at

ch
in

g	
T	

5,
07

4	
49

.5
			




m
at

ch
in

g	
T	

5,
25

8	
49

.

Ag
e	

M
at

ch
in

g	
C/

T	
n	

M
ea

n	
t	

p	
M

at
ch

in
g	

C/
T	

n	
M

ea
n	

t	
p	

M
at

ch
in

g	
C/

T	
n	

M
ea

n	
t	

p

	
st

at
us

						








st
at

us
						








st

at
us

	
Be

fo
re

	
C	

86
,3

69
	

34
.6

2	
-1

51
.4

0	
<0

.0
01

	
Be

fo
re

	
C	

86
,3

69
	

34
.6

2	
-1

51
.4

0	
<0

.0
01

	
Be

fo
re

	
C	

86
,3

69
	

34
.6

2	
-1

51
.4

0	
<0

.0
01

	
m

at
ch

in
g	

T	
36

,5
78

	
46

.5
7			




m
at

ch
in

g	
T	

36
,5

78
	

46
.5

7			



m

at
ch

in
g	

T	
36

,5
78

	
46

.5
7

	
Af

te
r	

C	
36

,5
78

	
45

.4
2	

-1
4.

06
4	

<0
.0

01
	

Af
te

r	
C	

10
,5

43
	

44
.7

7	
-4

.0
95

	
<0

.0
01

	
Af

te
r	

C	
10

,9
64

	
43

.5
9	

-8
.9

1	
<0

.0
01

	
m

at
ch

in
g	

T	
36

,5
78

	
46

.5
7			




m
at

ch
in

g	
T	

10
,5

43
	

44
.0

7			



m

at
ch

in
g	

T	
10

,9
64

	
45

.1
1

Se
lf-

	
M

at
ch

in
g	

C/
T	

n	
%

	
χ2 	

p	
M

at
ch

in
g	

C/
T	

n	
%

	
χ2 	

p	
M

at
ch

in
g	

C/
T	

n	
%

	
χ2 	

p

as
se

ss
ed

	
st

at
us

						








st
at

us
						








st

at
us

he
al

th
:	

Be
fo

re
	

C	
68

	
0.

8	
21

80
6	

<0
.0

01
	

Be
fo

re
	

C	
68

	
0.

8	
21

80
6	

<0
.0

01
	

Be
fo

re
	

C	
68

	
0.

8	
21

80
6	

<0
.0

01

ba
d&

ve
ry

	
m

at
ch

in
g	

T	
8,

70
1	

99
.2

			



m

at
ch

in
g	

T	
8,

70
1	

99
.2

			



m

at
ch

in
g	

T	
8,

70
1	

99
.2

ba
d

C:
 C

on
tr

ol
 g

ro
up

; T
: T

re
at

m
en

t g
ro

up
; χ

2 : P
ea

rs
on

’s 
Ch

i-s
qu

ar
e 

te
st

. S
ee

 Ta
bl

e 
1 

fo
r d

es
cr

ip
tiv

e 
st

at
is

tic
s o

f s
oc

io
-d

em
og

ra
ph

ic
 in

di
ca

to
rs

 a
nd

 h
ea

lth
 st

at
us

 o
f i

nd
iv

id
ua

ls
 fo

r t
he

 y
ea

rs
 b

et
w

ee
n 

20
17

 a
nd

 2
02

0.

Socio-demographic & health status indicators




